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Abstract: Aiming to the automatic recognition of cervical cell cluster, a smart recognition method
based on YOLO v2 model was proposed. At first, the model resnet50 was used as basic feature extrac-
tion module according to the characters of cervical cell cluster recognition task. Meanwhile, the related

data amplification and training program of YOLO v2 network were also proposed. At the same time,
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we collect the scan image of cervical cell liquid base smear to build the cervical cell cluster image data

set and the cell cluster was marked by cytopathic experts. The result shows that the automatic recog-

nition of cervical cell cluster was effectively realized with this method. The accuracy rate of cervical

cell cluster was 75.9% and the recall rate was 86.3%. The accuracy rate of cervical cell pathological

identification was 87.0% and the recall rate was 86.7%. In this paper, deep learning technique was

leaded into the cervical cell auxiliary screening field, it can promote the research of automatic auxiliary

screening of early cervical cancer.
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Fig.3 Cervix cell cluster of HSIL type
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Tab.1 Basic model of resnet50
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Tab. 2 Recognition performance of proposed method
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Fig.7 Error identification of cervical cell clusters
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